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ABSTRACT 

This paper describe about a platform to train and host user’s own 

bot. The hosted bot can be seen under a mobile application. The 

system takes advantage of technologies in natural language 

processing and human-computer interaction to create a faster and 

more intuitive way of interacting with websites, especially for less 

experienced users. But in visual UI user takes some considerable 

amount of time to learn the interface. Validation and comparative 

studies results shows that users prefer the natural language-enabled 

navigation two to one over the visual clue navigation as it is the very 

natural way of communication. 

Keywords: human-computer interaction, natural language 

processing, language-enable navigation 

1. INTRODUCTION 

With the emergence of social networks, successful information 

access and interaction on websites that accommodates both parties’ 

needs through conversational dialogs. Years before everything is 

visual interface which takes time to learn for interaction, but on 

recent years, everything is conversational. Messaging apps are 

taking over the world and app with incredible retention and 

engagement rates. A platform that lets you create and host a bot for 

yourself will be helpful in developing business, maintain online 

profiles, etc. A recent study shows that the user’s interest in 

particular site decreases exponentially with the increase in the 

number of mouse clicks (Huberman et al., 1998). A Group of bots 

under a single platform is useful when users wants to interact with 

only single platform that can redirect to specific bot for intended 

action. In this paper, we will first describe the natural language 

dialog based system platform (Cosmoz). Then we will report the 

results from the comparative evaluation of this system and a menu 

driven system. Finally, we will discuss what we have learned from 

the study and propose future work. 

2. NATURAL LANGUAGE ASSISTANT 

NLA assists users to do tasks by engaging them in a dialog as like 

natural communication. At each turn of the dialog, NLA provides 

incremental feedback about its understanding of the user's 

constraints and observer context of conversation that match these 

constraints. By encouraging iterative refinement of the user's query, 

the system finds more user constraints and, ultimately, recommends 

or do action that best matches the user's criteria. 

The system consists of three major modules (cf. Figure 1): Api.ai, 

NLP engine, and End user module. The Api.ai interprets user input 

and generates system responses that match the dialog that given to 

its algorithm. End user module embodies the user interface and 

contains conversational interface for users. 

 

Figure 1. Architecture of the NLA conversational system. 

The NLP Engine parse the sentence provided by the user and try to 

find out objects, person, context, etc. Then it send converts them 

into a template that will match with the input given to bot. Boss Bot 

tries to match the sentence given by business user and give response 

to NLP Engine that in turn send command to new bot to train 

providing template. 
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3. UNDERLY ING TECHONOLOGIES AND 

RESEARCH 

3.1 System Architecture 

For understanding specific user needs in specific platform we need 

to train each of them own. Different platform allows different users 

to perform different actions. For better result and communication we 

need each platform to have their own bot hosted under one single 

roof. So everything lies on two major things  

 Boss bot – A bot hosted in api.ai  

 NLP Engine –  Module identifies actions, persons, object, 

etc. 

 REST Request sender – Send request to Api.ai to create 

new bot  

3.1.1 Boss Bot 

Boss bot is a bot trained by the research team which takes input from 

business user from the console and tries to grasp the action can be 

performed by the new bot that it is about to create. It also asks 

example of questions or phrases from the business user of how their 

consumer can ask their bot to perform some action. Then it identifies 

actions and objects from phrases and send it back to the NLP 

Engine, Boss bot match the template given by the business user to 

ease their work in process of training their own bot. Boss bot is the 

interface between the Api.ai training module and the business user.  

3.1.2 NLP Engine 

NLP Engine receives the template from the Boss bot, it tries to find 

out the verb, nouns, conjunction to find out the whether it is an 

object or   action or word. It also find it synonyms and antonyms of 

actions to train the bot in almost with all possible meaning and 

alternative of the words. It also tries to generate more and more 

alternative sentences for more possible training. By generating this 

all information it gives it to the REST request sender.  

3.1.3 REST Request sender  

Actual creation process happens here. This module send the REST 

server of the Api.ai to create a bot along with the example phrases 

and generated phrases and creates the context, intent, objects, action 

names within the new bot console. These are the information that is 

required by the Api.ai to trains its own bot, (i.e.) based on their 

architecture. This REST server have several hit points to add 

context, intent, object and actions. We can also edit a intent with 

their hit points. This module gives  us an API key. This API key can 

be used to call a specific bot from our console to have a 

conversation with the user.  

Once we create many bots, by selecting which bot we want to 

interact we can change the API key to simulate the sp ecific 

behaviour of the bot.  

 

Figure 2. The start of the dialog. 
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3.2 Recent works 

3.2.1 Experimental Setup 

We conducted two user studies to evaluate usability of the system, 

focusing on: dialog flow, ease of use, system responses, and user 

vocabulary. The first user study focused on the functionality of NLA 

and the second user study compared the functionality of NLA with 

that of a directed dialog system and a menu driven navigation 

system. 

The moderators interviewed 52 users in the user studies: 18 and 34 

in the two studies, respectively. All participants were consumers or 

small business users with "beginner" or 

"Intermediate" computer skills. Each participant was asked to find 

laptops for a variety of scenarios using three different systems ( the 

NLA, a directed dialog system and a menu driven navigation 

system). Participants were asked to rate each system for each task on 

a 1 to 10 scale (10 – easiest) with respect to the ease of navigation, 

clarity of terminology and their confidence in the system responses. 

The test subjects were also asked whether the system had found 

relevant products and were prompted to share their impressions as to 

how well the system understood them and responded to their 

requests. 

3.2.2 Results 

In both studies, participants were very receptive to using natural 

language dialog-based search. The users clearly preferred dialog 

based searches to non-dialog based searches 1 (79% to 21% users). 

Furthermore, they liked the narrowing down of a product list based 

on identified constraints as the interaction proceeded. In the first 

user study, comparing NLA with a menu driven system, we found 

that using NLA reduced the average number of clicks by 63% and 

the average interaction time by 33%. 

 

In the second user study, we compared NLA with a directed dialog 

system and a menu driven search system for finding computers. One 

goal of the comparative study was to find out if there were any 

statistical differences in confidence, terminology and navigation 

                                                                 
1 We define a dialog-based search as one comprising of a sequence 

of interactions with a system where the system keeps track of 

contextual (discourse) information.  

ratings across the three systems and whether they were correlated 

with different categories of users. The ANOVA analysis reveals 

statistical differences in terminology ratings among the three 

systems for the category of beginner users only. There were no 

statistical differences found in the other ratings of navigation and 

confidence across the three sites for different categories of users. 

Sandler's A test confirmed that the terminology rating was 

significantly different for the categories of consumers, small 

business owners, beginners and intermediates. These comparative 

results suggest that asking questions relative to the right level of end 

user experience is crucial. Asking users questions about their 

lifestyle and how they were going to use a computer accounted for a 

slight preference of the directed dialog system over the NLA that 

uses questions presented on the basis of understanding features and 

functions of computer terms. 

3.2.3 Lessons from the user studies 

Both user studies revealed several dimensions along which NLA can 

be improved. The first user study highlighted a definite need for 

system acknowledgement and feedback. The users wanted to know 

whether the system had understood them. User comments also 

revealed that a comparison of features across the whole pool of 

products was important for them. 

The focus of the second study, incorporating 34 subjects, was to 

compare systems of similar functionality and to draw conclusions 

about the functionality of NLA. Both the ANOVA and the Sandler's 

test point out that terminology was a statistically significant factor 

differentiating among the systems. We believe that using 

terminology that is not overly technical would contribute to the 

success of the dialog search. While the questions asked by NLA 

were based on features and functionality of notebook computers, the 

users preferred describing usage patterns and life style issues rather 

than technical details of computers. 

We also found that users' confidence in NLA decreased when the 

system responses were inconsistent i.e., were not relevant to their 

input. Lack of consistent visual focus on the dialog box was also a 

serious drawback since it forced users to scroll in search of the 

dialog box on each interaction page. 

4. DISCUSSION 

In this paper, we have presented about the chat bot. This will help 

the user to get out of their confusions. This will answer all the 

questions of the user related to all the filed. Since there are several 

search engines (Google, yahoo) but chat bot is different from that. 

Search engine give the related web site to the query and user doesn’t 

in get the answer for their questions clearly but our chat bot will 

give only the exact answer. This is like chatting with our friends 

only. We will ask the question and bot will reply with the exact 

answer matches with your question. The chat bot helps the user to be 

clear. Users have a lot of doubts regarding something. If we browse 

a our query in the search engine means it will give some links and 
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ask us to proceed further. We have to refer more and more to get the 

clear answer. But our chat bot will give the instant answer. That 

answer will also be correct. 

This will answer all the questions related to the certain 

field and it will provide the confidence for the user. This is fully 

automated and working with a algorithm to give the exact and 

related answer to the end user. It works with NLA(Natural Language 

Assistant). This is the mechanism which is used to understand the 

questions of the user and fetch the information form the database. 

The application is with full of user friendly interface. The 

application is filled with rich UI and make the user to feel more 

comfortable. The response from the bot is also fast. We can get the 

instant reply from the bot. Now a days we have some chat bot. But 

they have some limitations such as only one number of fields. Such 

bot will be designed in such a way to reply only for one field. But 

out bot will answer all the questions related to multiple field. For 

example if you ask “what is the latest technology in the Front end 

development” means it will instantly reply “ReactJS”. If you need 

more questions related to ReactJS means I will answer all the 

questions. 

5. CONCLUSIONS 

Based on our results, we conclude that conversational natural 

language dialog interfaces offer powerful personalized alternatives 

to traditional menu-driven or search-based interfaces to websites. 

For such systems, it is especially important to present users with a 

consistent interface integrating different styles of interaction and to 

have robust dialog management strategies. The system feedback and 

the follow up questions should strike a delicate balance between 

exposing the system limitations to users, and making users aware of 

the flexibility of the system. In current work we are focusing on 

developing dynamic, adaptive dialog management, robust multi-

lingual NLP and improving the user interface. 

5.1 Future work 

Based on the results of the user, we will improve the quality of the 

interface and make more responsible. We have planned to integrate 

the different fields in this single bot. We are focusing on the user 

interface. This interface will be up-to-date with the latest 

technology. The interface will be more user friendly. We have 

planned to increase the performance and the responsiveness of the 

bot. We are integrating a different fields into the single one and 

make the user to feel comfortable with the chat bot. The 

improvement include the changing of the algorithm. It will give the 

more accurate answer improvement to the interface, we have 

planned to add the separate page to welcome the feedback of the 

user and a page to answer the queries of the user related to the bot. 

During the registration process, to improve the security of the 

application we have planned to include the 2 step confirmation i.e 

OTP for confirm the mobile number and the confirmation link to 

verify the mail ID. In addition to that we would like to give a unique  

user id to identify the user. It will be more helpful to track the user. 

We will include the some basic validation in the registration process. 

The will help to maintain the correct information. We would like to 

help the user from different language. For that we will include all 

the languages in the application. The application will support all the 

language in the future and also the different the fields. 
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